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Application of electronic nose in the identification of soy sauce
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Abstract: Nine kinds of soy sauces were identified by an electronic nose (PEN3). And data analysis was conducted using principal component analy-

sis (PCA), linear discrimination analysis (LDA) and loading analysis. The results indicated that electronic nose was able to identify the flavor of soy

sauce. The PCA analysis showed that there were differences between the flavors of nine soy sauces and there were great differences between the soy

sauces numbered 2, 4, 7, 8 and 9. The LDA analysis showed that the flavors between number 1, 2, and 3 samples smell like each other and the same

as number 7 sample. The result of loading analysis were found that the second sensor of electronic nose played a main role in the first main axis and

the 8th and 9th sensor of electronic nose played a main role in the second main axis.
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Attached table. Brands and ingredients of nine soy sauces
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Figure 4. LDA analysis of the relationship between three soy sauces
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Figure 5. Loading analysis of soy sauce
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